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images != insights
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Cloud Score+
First-of-its-kind comprehensive per-pixel QA score

Dynamic World
Near-real-time land cover classification

Embedding Fields Model
Generating foundational features for accelerating EO workflows
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Source: forskning.no

https://www.forskning.no/kunstig-intelligens-natur-norsk-institutt-for-naturforskning/slik-bidro-forskere-til-nrk-dokumentar-om-nedbyggingen-av-naturen-i-norge/2307848


Class probabilities >
Discrete labels



Source: earthblox.io 

https://www.earthblox.io/blog/earth-blox-dataset-review-dynamic-world-landcover--10m
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Imbabura, Ecuador

NASA Cloudy Earth
Cloud fraction (2002-2016)
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67% of Earth’s surface 
is typically covered 

by clouds

https://earthobservatory.nasa.gov/images/85843/cloudy-earth
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Source: Google Earth Medium 

https://medium.com/google-earth/cloud-score-in-action-land-cover-mapping-in-ecuador-fd1c5c424317


Source: Google Earth Medium 

https://medium.com/google-earth/cloud-score-in-action-land-cover-mapping-in-ecuador-fd1c5c424317


Watch our 
Geo for Good 2023 
session for a 
deep-dive into the 
CS+ model and 
applications

https://www.youtube.com/watch?v=NK9dKS7CP18papers/Pasquarella_Comprehensive_Quality_Assessment_of_Optical_Satellite_Imagery_Using_Weakly_Supervised_CVPRW_2023_paper.pdf
https://www.youtube.com/watch?v=NK9dKS7CP18papers/Pasquarella_Comprehensive_Quality_Assessment_of_Optical_Satellite_Imagery_Using_Weakly_Supervised_CVPRW_2023_paper.pdf


Cloud Score+
First-of-its-kind comprehensive per-pixel QA score

Dynamic World
Near-real-time land cover classification

Embedding Fields Model
Generating learned features for accelerating EO workflows
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Multi-band combinations
Common spectral indices and 
transforms to emphasize key 
(surface) properties

Spectral + time
Simple harmonic regression models fit to time 
series to understand seasonalities & 
phenologies of ecosystems, croplands, etc.

Spectral + kernel
GLCM correlation, texture/kernel- 
based metrics, neighborhood analyses 
to understand pixel interrelatedness 

Spectral Temporal Spatial
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Embedding vector

Embedding field

What’s an embedding field?

https://developers.google.com/machine-learning/crash-course/embeddings/video-lecture 

https://developers.google.com/machine-learning/crash-course/embeddings/video-lecture
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Agriculture Wetlands Golf Courses Built
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EFM used to proxy
USDA NASS
Cropland Data Layer
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Change detection
Angle between 
embedding vectors

Active forestry
Maine, USA



Come check out our interactive low-shot classification demo!



Thank you!





Western United States



Cloud and cloud shadow detection typically treated as a 
classification problem 
(semantic segmentation)
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One-line joins for
ee.Image or 
ee.ImageCollection



var s2 = ee.ImageCollection('COPERNICUS/S2_SR_HARMONIZED');

var csPlus = ee.ImageCollection('GOOGLE/CLOUD_SCORE_PLUS/V1/S2_HARMONIZED');

var csPlusBands = csPlus.first().bandNames();

// Link S2 and CS+ results.

var linkedCollection = s2.linkCollection(csPlus, csPlusBands);

// Function to mask pixels with low CS+ QA scores.

function maskLowQA(image) {

var qaBand = 'cs';

var clearThreshold = 0.60;

var mask = image.select(qaBand).gte(clearThreshold);

return image.updateMask(mask);

}

// Build a median composite.

var dateStart = '2023-01-01';

var dateEnd = '2024-01-01';

var composite = linkedCollection

.filterDate(dateStart, dateEnd)

.map(maskLowQA)

.median();

var s2Viz = {bands: ['B4', 'B3', 'B2'], min: 0, max: 3000};

Map.addLayer(composite, s2Viz, 'median composite');


